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Fig 1 Interest region of vehicle extraction
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The structure of random ferns
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Real-time Vehicle Matching Based on Random Ferns

YANG Chen-hui* , LIU Shou-da, WANG Zi-ming,GUO Yitfan, LI Hui

(School of Information Science and Engineering, Xiamen University, Xiamen 361005, China)

Abstract; We propose a real-time vehicle matching algorithm based on random ferns. In order to reduce the influence of complex

traffic background, the paper combine vehicle

location and quick license plate location to locate the' car facé' area which contains

most of the significant features of vehicles. According to random fern characteristics and texture characteristics of cars.we propose a

fast multi-scale feature point detection method. To generate initial match, we produce large amounts of virtual diagram for training

the classifier in the offline training stage. We detect feature points and put the area where contains feature points into the classifier for

rapid classification in online operation stage. An improved algorithm of PROSAC is introduced to do fast and exact match on the ini-

tial

match.

Key words: real-time vehicle matching;cars face location;random ferns



